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ABSTRACT 

 

 Opinion target is defined as the object about which user expresses their opinions, typically as nouns or noun phrases. Opinion words 

are the words that are used to express user’s opinions. Constructing an opinion words lexicon is also important because the lexicon is 

beneficial for identifying opinion expressions. Opinion mining is also called sentiment analysis, involves building a system to collect and 

categorize opinions about a product. Existing system uses Sentence-level extraction and corpus –level extraction. Sentence level extraction 

is the task of opinion target/word extraction is to identify the opinion target mentions or opinion expressions in sentences. These tasks are 

usually regarded as sequence-labeling problems. Sequence labeling models are used to build the extractor, such HMM. Corpus-level 

extraction did not identify the opinion target/word mentions in sentences, but aimed to extract a list of opinion targets or generate a 

sentiment word lexicon from texts. To overcome these problems by using alignment models. 
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INTRODUCTION 

 

 Data mining (sometimes called knowledge 

discovery) is the process of analyzing data from 

different perspectives and summarizing it into useful 

information - information that can be used to 

increase revenue, cuts costs, or both. Data mining 

software is one of a number of analytical tools for 

analyzing data. It allows users to analyze data from 

many different dimensions or angles, categorize it, 

and summarize the relationships identified. 

Technically, data mining is the process of finding 

correlations or patterns among dozens of fields in 

large relational databases.  

 Data, Information, and Knowledge Data are any 

facts, numbers, or text that can be processed by a 

computer. Today, organizations are accumulating 

vast and growing amounts of data in different 

formats and different databases. This includes: 

operational or transactional data such as, sales, cost, 

inventory, payroll, and accounting nonoperational 

data, such as industry sales, forecast data, and macro 

economic data meta data - data about the data itself, 

such as logical database design or data dictionary 

definitions Information The patterns, associations, or 

relationships among all this data can provide 

information. Knowledge Information can be 

converted into knowledge about historical patterns 

and future trends. 

 Data Warehouses Dramatic advances in data 

capture, processing power, data transmission, and 

storage capabilities are enabling organizations to 

integrate their various databases into data 

warehouses. Data warehousing is defined as a 

process of centralized data management and 

retrieval. Data warehousing, like data mining, is a 

relatively new term although the concept itself has 

been around for years. Data warehousing represents 

an ideal vision of maintaining a central repository of 

all organizational data. Centralization of data is 

needed to maximize user access and analysis.  

 Opinion mining is also called sentiment analysis, 

involves building a system to collect and categorize 

opinions about a product. Automated opinion mining 
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often uses machine learning, a type of artificial 

intelligence (AI), to mine text for sentiment.  

 Opinion mining can be useful in several ways.  It 

can help marketers to evaluate the success of an 

advertisement cause or new product launch and also 

determine which versions of a product or service are 

popular and identify which demographics like or 

dislike particular product features. For example, a 

review on a website might be broadly positive about 

a digital camera, but be specifically negative about 

how heavy it is. Being able to identify this kind of 

information in a systematic way gives the vendor a 

much clearer picture of public opinion than surveys 

or focus groups do, because the data is created by the 

customer.   

 There are several challenges in opinion mining. 

The first is that a word that is considered to be 

positive in one situation may be considered negative 

in another situation. Take the word "long" for 

instance. If a customer said a laptop's battery life was 

long, that would be a positive opinion.  If the 

customer said that the laptop's start-up time was long, 

however, that would be is a negative opinion. These 

differences mean that an opinion system trained to 

gather opinions on one type of product or product 

feature may not perform very well on another.  

 

II.Related Works: 

A. Mining and Summarizing Customer Reviews:  

 This task is performed in three steps: (1) mining 

product characters that have been commented on by 

customers (2) identifying opinion sentences in each 

review and deciding whether each opinion sentence 

is positive or negative (3) summarizing the results 

using reviews of a number of products sold online 

demonstrate the effectiveness of the technique do not 

find features on which opinions have been expressed. 

 

B. Structure-Aware Review Mining and 

Summarization:  

 The linguistic structure can be naturally 

integrated into model representation. Linear-chain 

structure is defined by using conjunction structure 

and syntactic tree structure in the framework. The 

framework can employ rich features to 

simultaneously extract object features, positive 

opinions and negative opinions. Hard to identify the 

low-frequency object features and opinions. 

 

C. HMM-based Learning Framework for Web 

Opinion Mining:  

 The goal is to mine customer reviews of a 

product and extract particular product related entities 

on which reviewers express their opinions. Complex 

product entities and  opinion  expressions  as  well  

as  infrequently mentioned  entities  can  be  

effectively  and  efficiently  identified . It is  used  a  

fixed  list  of  keywords  to realize  high  frequency  

feature  words. Collecting a large training set could 

be expensive and difficult to accomplish.  

D. Bootstrapping Both Product Features and 

Opinion Words:  

 A bootstrapping iterative learning strategy is 

proposed  alternately. A linguistic rule is adopted to 

identify low frequent features and opinion words. A 

mapping function from opinion words, the feature is 

proposed to identify implicit features in sentence. 

The final feature lexicon and opinion word lexicon 

are identified with very few knowledge (only ten 

seed opinion words) and augmented by each other 

alternately. Learn the semantic orientation of each 

opinion word, calculate the polarity of each 

subjective sentence, and then construct a feature 

based summary system 

 

E. Mining Opinion Features in Customer Reviews:  

 It summarizes all the customer reviews of a 

product. This summarization task is different from 

traditional text summarization which is based on the 

specific features of the product that customers have 

opinions to determine whether the opinions are 

positive or negative. These techniques are highly 

effective. The most representative sentences are not 

extracted, but only identify and extract those specific 

product features and the opinions related with them. 

Improve the feature extraction and the subsequent 

summarization. 

 

F. Expanding Domain Sentiment Lexicon through 

Double Propagation:  

 A double propagation approach that exploits the 

relations between sentiment words and topics or 

product features, and also sentiment words and 

product features them to extract new sentiment 

words. As the method propagates information 

through both sentiment words and features, it 

referred as double propagation. This approach is able 

to extract a large number of new sentiment words. 

The polarity assignment method is effective. Unable 

to extract unpaired adjectives while extract through 

product features.  

 

G. Authoritative Sources in a Hyperlinked 

Environment:  

 Address within our framework is the distillation 

of broad search topics, through the discovery of 

“authoritative” information sources on such topics. 

Traffic and the development of algorithms and tools 

to exploit information gained from traffic patterns.  

Link-based methods to handle information needs 

other than broad-topic queries on the www pose 

many interesting challenges.  

 

H. Modeling Review Comments:  

 Clearly, the information in comments is valuable 

for both future readers and brands. This  paper  

proposes  two  latent  variable models  to  

simultaneously  model  and extract  these  key  pieces  

of  information . Enable classification of comments 

http://whatis.techtarget.com/definition/machine-learning
http://searchcio.techtarget.com/definition/AI
http://searchbusinessanalytics.techtarget.com/definition/text-mining
http://searchmobilecomputing.techtarget.com/definition/digital-camera
http://searchmobilecomputing.techtarget.com/definition/laptop-computer
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accurately. Works are not concerned with review 

comments. 

 

I. Opinion Target Extraction Using Word-Based 

Translation Model:  

 Capture opinion relations more precisely, 

especially for long-span relations.  In  particular, 

compared  with  previous  syntax-based methods,  

our method  can effectively avoid noises  from  

parsing  errors  when  dealing with  informal  texts  

in  large  Web  corpora. Our approach is more 

effective and robust than state-of-art methods. The 

precision of result can be improved 

 

J. Various approaches: 

1. Frequency based approach: 

  OPINE uses the frequency based approach for 

opinion mining. It mines reviews to build a model of 

important product aspects. Given a particular product 

and a corresponding set of reviews, OPINE solves 

the opinion mining tasks are outlined  and outputs a 

set of product features, each accompanied by a list of 

associated opinions which are ranked based on 

strength 

 OPINE uses association rule mining to extract 

frequent review noun phrases as features. Frequent 

features are used to find potential opinion words. 

Opinion words are used to extract associated 

infrequent features. The system only extracts explicit 

features. 

 

2. Relation based approach: 

 A prototype system called Opinion Observer 

uses the relation-based approach for opinion mining. 

user can identify the strengths and weaknesses of 

each product in the minds of consumers in terms of 

various product aspects. 

 Reviews of different products at merchant sites 

to mentally compare and assess the strengths and 

weaknesses of each product in order to decide which 

one to buy, it is much more convenient and less time 

consuming. Product manufacturer, finding the 

strengths and weaknesses of their product is very 

crucial. 

  

3. Supervised Learning: 

 The Opinion Miner system used the supervised 

approach for opinion mining. Some merchants sell 

their products on the Web and ask the customers to 

share their opinions and hands-on experiences on 

products they have purchased. But, reading all 

customer reviews is difficult, especially when the 

number of reviews can be up to hundreds or even 

thousands. Hence it is difficult for a potential 

customer to read them to make an informed decision. 

 The goal is to mine customer reviews of a 

product and extract high detailed product entities on 

which reviewers express their opinions. 

 

 

4. Topic modeling: 

 Topic-Sentiment Mixture (TSM) is an opinion 

mining model which uses the topic modeling 

approach. It is a probabilistic model. This model 

addresses the Topic-Sentiment Analysis (TSA) 

problem and extracts the multiple subtopics and 

sentiments in a collection of blog articles. Extract the 

topic/subtopics from blog articles, reveal the 

correlation of these topics and different sentiments 

 

K. Feature selection: 

 Feature selection is an important step in opinion 

mining as customers express product opinions 

separately according to individual features. Feature-

based opinion mining had many drawbacks like 

selecting a feature considering only grammatical 

information or treating features with same meanings 

as different. This led to a large corpus which 

subsequently affected the classification accuracy 

.Some technique like Correlation Based Feature 

(CFS) have been extensively used for feature 

selection to reduce the corpus size. 

 

L. A Semi-supervised Word Alignment Algorithm 

with Partial Manual Alignments: 

 The approach is a novel semi-supervised 

algorithm extending the widely used IBM Models 

with a constrained EM algorithm. The partial manual 

alignments can be obtained by human labelling or 

automatically by high-precision-low-recall heuristics. 

A number of semi-supervised word aligners have 

some approaches use held-out manual alignments to 

tune the weights for discriminative models, with the 

model parameters, model scores or alignment links 

from unsupervised word aligners as features. Several 

models are proposed to address the problem of 

improving generative models with small amount of 

manual data. 

 

M. Cross-Domain Sentiment Analysis: 

1. Sentiment sensitive thesaurus: 

 Sentiment sensitive thesaurus (SST) for 

performing cross-domain sentiment analysis. 

Proposed a cross-domain sentiment classifier using 

an automatically extracted sentiment sensitive 

thesaurus.  To handle the mismatch between features 

in cross-domain sentiment classification, they use 

labeled data from multiple source domains and 

unlabeled data from source and target domains to 

compute the relatedness of features and construct a 

sentiment sensitive thesaurus. 

 

2. Spectral feature alignment: 

 Features are classified as domain-specific or 

domain-independent using the mutual information 

between a feature and a domain label. Bipartite graph 

is constructed between domain specific and domain-

independent features. Between a domain-specific and 

a domain independent feature in the graph edge is 

formed if those two features co-occur in some feature 
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vector. Spectral clustering is conducted to identify 

feature clusters. Finally, a binary classifier is trained 

using the feature clusters for classification of positive 

and negative sentiment. 

 

N. Twitter Opinion Topic Model: 

 Aspect-based opinion mining is widely applied 

to review data to aggregate or summarize opinions of 

a product, and the current state of-the-art is achieved 

with Latent Dirichlet allocation (LDA)-based model. 

Social media data like tweets are laden with 

opinions, their “dirty” nature (as natural language) 

has discouraged researchers from applying LDA-

based opinion model for product review mining. 

Tweets are often informal, unstructured and lacking 

labeled data such as categories and ratings, making it 

challenging for product opinion mining. TOTM 

leverages hashtags, mentions, emoticons and strong 

sentiment words that are present in tweets in its 

discovery process. It improves opinion prediction by 

modeling the target-opinion interaction directly, thus 

discovering target specific opinion words, neglected 

in existing approaches. 

 

Conclusion: 

 In existing system extract words and targets by 

explicit features, labeled training data are insufficient 

or come from the different domains than the current 

texts; they would have unsatisfied extraction 

performance. To overcome these problem by using 

word alignment model. This method is focused on 

detecting opinion relations between opinion words 

and targets. Using this model opinion relations are 

captured more precisely and more effectively. 
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